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Soil visoNIR libraries
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Soil visoNIR libraries
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Introduction

Soil visoNIR libraries

Reported root mean square error (RMSE) of  VisONIR based predictions
against the standard deviation (of the soil attribute) in the calibration sets
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Analysis based on:
Stenberg , B., Viscarra Rossel , R.A., Mouazen, A.M., Wetterlind , J. Visible and Near Infrared Spectroscopy in Soil Science.

In: Donald L. Sparks, Ed. Advances in Agronomy, Vol. 107, Burlington: Academic Press, 2010, pp. 163 T 215.
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Introduction

Why are big soil visoNIR libraries so complex?

Field scale Regional scale Global scale
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MBL

Memory obased learning (MBL)

In contrast to other machine learning approaches, memory based
learners do not attempt to derive a general target function. Instead,
they offer instance -oriented solutions.

MBL is closely related to case based dreasoning (CBR) which

emulates the human reasoning process:

1. Remember previous situations
2. Adapt them for solving the current problem

3. Examine the probability to solve the problem with the
new solution

4. Memorize the experience for improving knowledge
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MBL for soil spectral libraries
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